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IBOOUMA NOAXOA0B B 06paboTKe TEKCTOB

eKkomno3uumna 3agayd no yposHaAm «nupamugbl NLP» / &8
*  MOPPONOrMYECKUI aHaNU3, NeMMaTU3auUmA, ONeYvaTky, ... m

CUHTaKCHC

TTTTTT

* CUHTAKCUYeCKun aHanus, sblgeneHne tepmuHos, NER, ...
* CEeMaHTUYECKMUN aHanNu3, BblaeneHne GaKkTos, TEM, ...

Mopaenu sektopusauum cnoB (word embeddings)
°*  MOAEeNn ANCTPUNOYTUBHOU CEMAHTUKMW: A o
word2vec [Mikolov, 2013], FastText [Bojanowski, 2016], ... N e
*  TemaTuueckme mogenu LDA [Blei, 2003], ARTM [2014], ...

WOMAN
AUNT

KING

Heunpoceresble moaein KOHTEKCTHOU BEKTOPU3aLUM

* peKYyppeHTHble HeEUPOHHbIe ceTu: LSTM, GRU, ... Q T
e «end-to-end» moaenn BHUMaHMA U TpaHCHOPMEPDI: Softmax[ ]
MallMHHbIKM nepesoa [2017], BERT [2018], GPT-3 [2020], ... Vi



HempoceTeBble MOAENN A3bIKa

e ObyyatoTca no TepabamTam TEKCTOB, KOHU BUAENUN B A3bIKE BCEY
* CnocobHbl reHepnpoBaTb PENKOBbBIN TEKCT, HE OT/IMYMMbIN OT PEeasibHOro
* MynbTnA3bIYHbI: 06YYaOTCA HA AECATKAaX A3bIKOB

* MynbTn3aagauHbl: Ang KaxKaon Hosom 3agaum NLP/NLU npoctaTto4yHo
npenoby4yeHHOU moaenn + 4oobyyeHmna Ha HeEH6ONbLLOU BblIbOpPKeE
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HempoceTeBble MOAENN A3bIKa

PocT uncna napameTpoB HempoceTeBbIX TPaHCOOPMEPHbIX MoAesien A3blKa
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KoHnkypc MPO//MTEHWNE (http://ai.upgreat.one)

3apava: pa3meTKa CMbIC/I0BbIX OWMBOK B couynHeHunax EM no pycckomy
A3bIKY, NNTEpPaATYpe, UCTOPUIN, OOLLECTBO3HAHMIO U AHTIUUCKOMY A3bIKY.

NMepuop: nekabpb 2019 — mtoHb 2022, TPM UUKNA UCNBITAHUMN.

Mpusosou poHAa: P100M pycckunm a3blk + P100M aHINIUMNCKUN A3blIK
Tunos owmnboK: 152

(p:70 n:16 0:23 n:20 a:23) AKTUMECKAS OLIMBKA

aBTOP BbiCKa3biBaHUsA A.DpaHL

MoaTnnos ownboK: 236

B cBoeM BbiCKa3biBaHUN «ECnn yenoBek 3aBUCUT OT NMpUpoabl,

(p]_]_z n:19 o:29 n:26 a 50) TO M OHa OT Hero 3aBucuT» [l. MepeXxkoBCKuiN FOBOPUT
0 Heob6Xo0AMMOCTHM 3alnTbl NPUPOAbI.
[TomnMmo BblaeneHuns ownook, N
____NOTMYECKAS OLUMBKA

Haa0 AaBaTb MX 0ObACHEHMUS. Te3MC He 060CHOBaH



http://ai.upgreat.one/participants/datasets/

KoHnkypc MPO//MTEHWUE (http://ai.upgreat.one

CpaBHeHUe pa3MeTKN, CreHepUpPoBaHHOM aJIFOPUTMOM, C Pa3MeETKOM aKcnepTa

AnroputMmnyeckas pasmeTka

h—lepemm N COBEPLIEIDT NNOXKME NOCTYNKIA, 3a0bIBas O TOM, UTO, Aaxe CKpbIB CBOW

NOCTYNOK OT OpYyrKx, Yenoeek He CKPOETCA OT CBOE EGBECTHI '-|TG Xe Takoe

Be3HpaBCTBEHHBIW 'F' Be3HpaBCTBEHHBIMA - - am , HE

COOTBETCTBYIOLMIA MOPanbHbIM HOPMaM.

MOXHO N onNpaenaTe 6&3HPaBCTBEHHBIM NOCTYNOK? MMEHHO 3Ty npobnemy B. .
TeHOpAKOB NOAHUMAET B TekcTe. [lokaxeM CKkasaHHOe NpUMepamMn 13
NpeacTaBNeHHOro OTpbiBKa.

B TekcTe B. @. TeHOPAKOE rOBOPMT O TOM, YTO BO Bnaro cebe MOXeET Nerko
COBEPIIMTE HASKWMIA NOCTYNOK, HE WUCMBITAB NPKU 3TOM YYBCTBO CThiAA. CMOXeT

onpaBaaTte CBOM nepen caMuMm coboi, 0bBACHUB NpU4YKHY. B npuMep agTop
NpUBOAMT NOBEAEHWE repos], KOTOPbIA 4acTo B XW3HW coBepluan besHpaBcTBEHHbIe

hoctynki. [OH Bpan, [npancs 1 kpan. Mbl BUaVM, YTO 0 BOJHBI FepOit NPUBLIK

COBEpLWATh NNOXKMe NOCTYNKK. OH Bcerfa onpasabIBancs, NOTOMY YTO HE XOTEen HeCTHU

OTBETCTBEHHOCTb 33 CBOWM OSUCTBKUA, 3 3HAYMUT HE MCNbIThIBaS MyYeHKA EGBECTH.I Mbl

3HaeM, 4TO MyKH @ — 3TO NepeoOe U CaMoe CHMNbHOS , KOTOpOe

Ony4aeT Yenosek, COBEPLUMBLLMIA NNOXOW NocTynoK. Ho Hal repoi He pony4a

HWUKaKOoro 1 NO3TOMY coBepluaTe He3HpaBCTBEHHbIE OCTYIK

MpoaHanM3npoBaB NOBEOEHWE MMaBHOro repos, A yoeamnack B TOM, UTO YenoBek

0b6a3aH HECTK OTBETCTBEHHOCTb 3a CBOW [IOCTYNKM BCeraa, M NO3TOMY A yTBepXaalo,
YTO HENB3H Dﬂpaﬂﬂblﬁa'l'b Naxe Menkue EE.‘E-H[}EIBC'I'EEHHI:IE DCT}!“K .

JKcnepTHas pasMeTka 2

Hepeako nioaw coBepliakoT nnoxue , 3abblBas O TOM, YTO, @Xe CKPbIB CBOW
OCTYMOK OT ApYrkX, YeNOBEK He CKPOETCH OT CBOEN COBECTU. HYTO Xe Takoe

Be3HPaBCTBEHHbIN IOCTYNOK? Be3HPaBCTBEHHbIA NOCTYNOK - 370 . He

COOTBETCTBYIOLMIA MOPanbHbIM HOPMaM.

Hmmo N onpaeOaTh pe3HpaBCcTBeHHbIA NOCTYNoK? MMeHHo 3Ty npobnemy B. @.

TeHOpAKOB NOOHWUMAaET B CBOEM TEI{CTE'| Lokaxem CkaszaHHOe NnpUuMepaMm 13

NpencTaBneHHOro OTPbIBKA.

E TekcTe B. ©. TeHOPAKOB rOBOPMT O TOM, YTO uenuae4 BO Bnaro cebe MOXeT Nerko

COBEPLUMTH HHU3KMIA MOCTYNOK, He UCNBITAB NPW 3TOM YYBCTBO CThiAa. MenoBeK cMoXeT

onpasOaTh CBOW [IOCTYNOK Nepen caMvM coboli, obbacHWB NpuynHyY. B NnpuMep asTop

npUBOOWT NoBeOEeHWE MEepoX, I{DTﬂprLT"I 4acTo B XW3HK COBEpLLan GEBHDEIBCTBEHHIJIE

nocTynkd. OH Bpan, Apancs W kpan. Mbl BUAWM, YTO A0 BOMHbI FEpOid NPUBbIK

COBEPLETH NNOXKMe NOCTYNKK. OH Bcerfna onpasaeIBancs, NOTOMY YTO HE XOTen HeCTH

OTBETCTBEHHOCTb 33 CBOW OSUCTBKUA, 3 3HAYMUT HE UCMNBIThIBAN MyYeHWA COBECTM. Mbl

3HaeM, YTO MyKW COBECTK — 3TO Nepeoe U CaMoe CUNbHOE Haka3aHWe, KOTopoe

nony4yaeT Yenoeek, COBEPIIMBLIMIA NNOXOK nocTynok. Ho Haww repoi He nonydan

=

HWKaKOro HakasaH1a 1 NMosToMy NPOAoXan CoBEPLIaTH 6e3HPaBCTBEHHBIE NIOCTYINKM

hpDHHEﬂHEHpﬂBEB noeefeHWe rMMaBHOro repos, A yﬁe,qnnar:b B TOM, YTO YenoBek

0bs3aH HECTM OTBETCTBEHHOCTE 33 CBOU NOCTYNKK BCeraa, M NO3TOMY A YTBEPXOalO,

YTO Henb3d ONpaBObliBaTe AaXe MENKKWE EESH[}HEETBEHHI:IE I'IDCT‘}H'IKH|



http://ai.upgreat.one/participants/datasets/

[Tormepbl 3aaa4 pasmeTku TekctoB B NLP/ML

* pacno3HaBaHue oHMmoB (named entity recognition, NER)

* pacrno3HaBaHue yacTeun peyn (part of speech tagging, POS)

* BblaesieHMe TOHa/AbHOCTU OHMMA (sentiment analysis, SA)

* BblaesneHne CUMHTaKCUYecKux ceasen (syntax parsing)

* BblaesnieHne cemaHTudeckmnx poneu (semantic role labeling, SRL)
* BblaeseHmne TeKcToBbix Nnonen gaHHbix (slot filling)

* BblaeneHme nonen B bubamnmorpadmyeckmnx 3anmncsax

* CermMeHTauuna Hay4YHbIX UAU KDPUONYECKUX TEKCTOB

* pa3spelweHne aHapopsbl, KopePepeHTHOCTHU, 3NJNNCUCA



[Toumep: pazmeTka oHumosB (NER)

OHUM (UMA cobcmBeHHOoE) CNYKUT ONA BblAeNEeHUA UMEHYEMOTo 06beKTa
cpeaun Apyrmx o6beKToB, ero UHAMBMAYanm3aumm u naeHTUOUKaLmnmn

Named entity — obbeKT (CyWHOCTb) peasbHOro Mmpa, MMe LN
HaUMEeHOBaHME N OTHOCALLMUCA K onpeaeeHHON KaTeropumun.

Mpumepbl KaTeropum:

3) since [ESEERY. previously
* MCTOpUYecKoe cobbiTUe, apTePaKT, JOKYMEHT oo Ei orcoce ron I o BT -

third-longest serving Bl (S in post-war Japan © .[1]

* MepcoHa, opraHu3aLUma, 10Kauma, BPEMHS

+ TOBap, U3AeNME, NPEAMET MCKYCCTBa T

EECLEEPLIEEY. Then aged B2, he became | Japan's
* 33boneBaHMe, cMMNTOM, NpenapaT e ——
o after B EEER resigned on [EPIERSCUIPI A for
* adCTPOHOMUNYECKUNU O6'beKT, TenecCKornm health reasons. He was replace |




[Toymep: paameTKa cemaHTnyeckmnx ponen (SRL)

3agaya: HanMTU B NpeaNoXeHUU aKmMmaHmMbl — UMEHHbIEe TPYNMbl,
0b603HayvaloLWme y4aCTHUKOB CUTYaLLUU U UX CEMAHMUYECKUE POrU.

Mpumepbl ceMmaHTUYECKUX POIEN:

areHc: oayweBAEHHbIM MHULUMATOP N KOHTPONEP AEUCTBUA
naumeHc: y4aCTHUK, Ha KOTOPOro HanpaB/aeHO AeUCTBUE
beHedaKTUB: YY4aCTHUK, NOAYYAOLWMM NONb3Y NN Bpe.,
agpecar: nojsy4dyatenb coobuweHunsa (moxkeTt bbiTb beHedaKkTUBOM)
MHCTPYMEHT: NOCPeaACTBOM Yero OCyLLecTBAAETCA AeUCTBUE
SKCNepueHLuep: HocuTenb YyBCTB U BOCNPUATUI

CTUMYAN: UCTOYHUK BOCTIPUATUN

MCTOYHUK: UCXOAHbIVN NYHKT ABUXKEHUSA

Lesib: KOHEYHbIU NYHKT ABUXKEHUSA



BblaeneHne n TermpoBaHne GparMeHToB TEKCTa

HoTtauua BIOES (begin-inside-outside-end-single) anqa sbigeneHus
Ha4ya/1a U KOHLUA pparmeHTa

/115 3a0a4u pacno3Ha8aHUA UMEHOBAHHbIX CywHocmel:

B-PER |-PER I-PER -PER E-PER OuT OUT 5-LOoC
Kapn @puapux Mepouum poH MioHXraysed poaunca B bogeusepaepe

/[1na 3a0a4u onpeodesneHUa cemaHmuYecKkux poneu:

B ACT I ACT I ACT O 0 B LOC 1 LOC
Book a table for in Domino’s pizza
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[Tprmep: YyacTepeyHas M CUHTAKCUYECKasa Pa3MeTKa

dHIIMMUNNCKUN. et
«nsubj:pass caseﬂ
pET* | "~ NouN*| [Aux* [“?“*P2>*Nvere?] [aDP] [DET' | ““* N NoUN*] |PUNCT
—— —— — —_—— —— —— -
The dog was chased by the cat .
v punct»
60j'||'apCK|/||/]. nsubj:pass obl»
NOUN’] [PRON EXpL'pHSSWVEBE# ADP]™ """\ NOUN*] [PUNCT
Kyyeto ce npecnegsawe OT KOTKaTa
Terum NOUN [noun cywecteutesnbHoe [[INTJ Interjection |Me>xxgomeTune
yacTen PROPN |proper noun|unma cobcteeHHoe |[ADP adposition |npepnor
ADJ adjective npunaratensHoe [|[CONJ |conjunction |[coto3
peyun VERB |verb rnarosn PART |[particle 4acTuua
ADV adverb Hape4dune PUNCT |punctuation|3Hak nyHKTyauum
PRON |pronoun MEeCTOMMEHNE SYM symbol CUMBOJT
NUM numeral HUCAUTENBbHOE X other NHoe




SuperGLUE: Habop TecToBbIX 33134 NOHMMaHMA EA

BoolQ:

CB:

COPA:

MultiRC:

ReCoRD:

RTE:

WiC:

WSC:

Boolean Questions.
Kaxkabl npumep - KOPOTKMN TEKCT U BONPOC ¢ oTBeTomM «Jla-HeT»

Commitment Bank
Tpex-KnaccoBana OUEHKa, cieayeT /M BbIBOA, U3 TEKCTA, NPOTUBOPEYNT TEKCTY U HEUTPANEH

Choice of Plausible Alternatives
Bbl60p NPUHYNHHO-CNEeACTBEHHO CBA3dHHDbIX I'IpE,LI,!'IO)KEHMIZ N3 HECKOJ/IbKUX a/1IbTEPHATUB

Multi-Sentence Reading Comprehension
Bbl60p NPaBUJIbHbIX OTBETOB HA BOMPOCDHI MO TEKCTY U3 NMpea/1OXKEeHHbIX BAPNAHTOB

Reading Comprehension with Commonsense Reasoning Dataset
[MpeackasaHmMe NponyLeHHbIX C10B B NpeasioKEeHNUN Ha OCHOBAHMM TEKCTa M 0buwero 34paBoro CMbIC/a

Recognizing Textual Entailment
OueHKa cBA3M (neKcn4yeckom, NTormM4eckom mn T.4.) ABYX KOPOTKUX TEKCTOB

Word in Context
OueHKa oOMOHMMOB. lcnonb3oBaHMe C/10B B OAHOM WU PA3HbIX CMbICAX B ABYX NpeasioKeHUAX.

Winograd Schema Challenge
PaspelwleHune KopedbepeHUUn: onpeaesreHme, OTHOCATCA JIM YKa3aHHble C/1I0Ba K 0AHOMY OOBbEKTY AN HeT



Russian SuperGLUE (https://russiansuperglue.com)

LiDiRus:

RCB:

PARus:

MuSeRC:

TERRa:

RUSSE:

RWSD:

DaNetQA:

RuCoS:

LiDiRus AnarHocTukKa
lnarHocTuKa

Russian Commitment Bank A ru SSid n
Jlornyecknm BbiBoA, SU pe I‘g I Uue

Choice of Plausible Alternatives for Russian language
34paBbi CMbIC

Russian Multi-Sentence Reading Comprehension

MawunHHOoe YyTeHune ‘:E%%%LE?E L*v_,
Textual Entailment Recognition for Russian \ %T%’?\_ ql l%-—ﬁ:l:_ﬂ
Jlornyecknu BbiBoA, E\}\m’hﬂl@
Russian Words in Context (based on RUSSE) _T’_T\—. rﬁ/r,JfL I%:_ﬁL @ﬁ
34,paBbli CMbIC/1 -—,\1% Hljf qéj_flET—E{E‘
The Winograd Schema Challenge (Russian) = UIN] E‘\Kg[m—fr‘—'l
[lpnymMHHO-CcNen. CBA3b ._JE
Yes/no Question Answering Dataset for the Russian ] ﬂ

3HaHue

Russian Reading Comprehension with Commonsense Reasoning
MalnHHOe YTeHue 13



ObnacTtb nccnenosaHmn «Fake News Detection»

N o U A W R

Deception Detection

BblABNE€HME 0OMaHa B TEKCTE HOBOCTU

Automated Fact-Checking

aBTOMaTU4YeCcKan NnpoBepKa GpaKToB

Stance Detection

BbifiBIeHMe no3numnm 3a/npoTus 3anpoca (claim)

Controversy Detection

BbliB/IEHME U KNacTepmu3aumsa pa3Hornacui

Polarization Detection

KnaccmduKauma nosmumim no MHOrMm Temam

Clickbait Detection

BblABJ/IEHUNE I'IpOTVIBOpG‘-IMVI 3df0J1I0OBKa U TEKCTA

Credibility Scores

OoueHKa A4O0CTOBepPHOCTN NCTOYHUKA NI HOBOCTHU

FAKE NEWS DETECTION WITH NLP

L 1

CLICKBAIT AUTOMATED
DETECTION FACT-CHECKING

STANCE DECEPTION
- POLARITY
DETECTION -/ DETECTION

E.Saquete, D.Tomas, P.Moreda, P.Martinez-Barco,
M.Palomar. Fighting post-truth using natural
language processing: A review and open challenges.

Expert Systems With Applications, Elsevier, 2020.
14




1. Deception Detection (BbiaABAeHME 0O6MaHa)

* Uctopua: bonee 50 net nccnenoBaHUM B NCUXONOTMN N KPUMUHONOTUN
* 3a4a4a KnaccuduKaumm TeKCTa Ha ABa Knacca: obmaH / He obmaH

* Obyuatowime BbIOOPKM:
* KOHTpPOIMPYEMbIN IKCNEPUMEHT: Ntoan 8pym / He 8pym Ha 3aaHHYIO0 TEMY
 MaTtepunanbl cyaebHbix 3aceaanmnit (natacet DECOUR)
* OT3bIBbl Ha TOBapPbl/yCcNyrn, NpoBepsiemble C NOMOLLLbIO KpayacoOpPCUHra

* Mpn3HaKkn — inHrenucTnyeckmne mapkepesol (Linguistic-Based Cues, LBC)
* Kputepum: Accuracy nnm F-mepa 70—-92% B 3aBUCMMOCTM OT 3a4a4M
* Ha HebonblKMX aaTacetax Knaccudeckmm ML nyywe u npote DL

* [lpobnema nepeHoca moaenen Ha gpyrme aataceTbl



Tunbl NTMHIBUCTUYECKUX MAapPKepoB

MaHUNYyAATUBHbDbIE U CYITeCTUBHbIE NPUEMDI

MHOTOC/1I0BUE: NNEOHa3Mbl, IMLLHME CNOBA, TaBTO/0IMKN, PacLllenieHna CKasyemoro
M30bITOYHbIE MOBTOPLI C/I0B U PppPa3

NOBbILLEHHAA KOTHUTUBHAA CNOMKHOCTb TEKCTA, NEePErpyKeHHble CUHTAaKCMYECKNE KOHCTPYKL MU
NOBbILEHHAaa 3KCNPECCUBHOCTb, NpeobiagaHne HeraTUBHOM TOHAaIbHOCTU

KaTeropm4HOCTb, NCMXONOrMYEeCcKoe AaBAeHme

yxoa oT AMMHOU OTBETCTBEHHOCTMU

6e3/1MYyHble rnaronbl, rnarosibl abCTPakTHOM CEMAHTUKU, MOAA/IbHbIE F/1aronbl, 06 beKTUBaLUA
HEKOHKPETHOCTb, YKNOHYNBOCTb, 6€3/1IMYHOCTb, HeonpeaenEHHOCTb BbICKa3blBaHUM

Mopaavya nHpopmaunu
* OTOPBAHHOCTb OT KOHTEKCTa:. NOHNXKXEeHHAA AETAa/IN3aUuNA MECTd, BPEMEHMN, CoObITUN
* ynpouweHune, NOHNXeHHoeE JIEKCUNYHECKOE pa3Hoo6pa3me, NNEKCNYHEeCKaA HeAOCTATOHYHOCTb



2. Automated Fact-Checking (npoBepka ¢dakToB)

* UcTopusa: pydyHon fact-checking naBHO ncnonb3ayeTtcs B XKypHa/IUCTUKeE

e 3apa4a KnaccMPUKaLmm TEKCTa LLeJIMKOM, MO NOopsAAKOBOW LLUKaNe:
True, Mostly True, Half True, Mostly False, False

* Obyuatowme BbI6OPKU:
* [Tnatdpopmbl ana nposepkn pakrtos: Politifact, FullFact, FactCheck un gp.
 CopeBHoBaHuA: CLEF-2018,19,20,21, FEVER, SemEval (Rumour-Eval)

* laTtacetbl: NELA-GT-2018,19, FakeNewsNet, Snopes n ap.

* BcnomorartenbHas 3agada: CTOUT JIn OTNPABAATb TEKCT HA NPOBEPKY?
Tpu Knacca: Non-Factual Sentence, Unimportant, Check-Worthy
(npumep: ClaimBuster, https://idir.uta.edu/claimbuster, 2015)



https://idir.uta.edu/claimbuster

3. Stance Detection (BblaBAEeHME NO3UNLNIN)

* Uctopuma: 3aaa4ya textual entailment (tekctoBoro chepoBanums) —
KnaccupmKkauma nap TEKCTOB «TEKCT t = rmnoTe3a h» Ha TpU Knacca:
«h chegyet n3 t», «h npoTnBopeYunT t», «h HEe OTHOCUTCA K t»

e 3apaua: Knaccudmkauma Tekcta h oTHocuTenbHO 3anpoca (claim) t:
agree, disagree, discusses (no3uyusa He 8bicKka3aHa), unrelated

* ObyyaroLime BbIOOPKM:
* SNLI: 570K nap npeanoxeHun: entail, contradict, independent
e lataceTbl: Emergent, SemEval-2016 6A(stance), FakeNewsChellenge FNC-1

* Kputepun: F1-mepa go 97% Ha HoBocTAax; Accuracy Ao 68% Ha Twitter



4. Controversy / 5. Polarization Detection

[1Be cneunanbHble pa3HOBUAHOCTU 3aaa4U Stance Detection

* Controversy Detection (BbisiBNneHME NO/IEMUKU, PA3HOTNACUN):

* KJlacTepmu3aumMa MHEHUN Be3 yyntens
* BblaesieHne coobLecTB CTOPOHHUKOB KaXKa4oro MHEHMA B cOLMA/IbHOU CETU
* KOJIMYECTBEHHOe oueHMBaHMe 06 bEMA N ANHAMUKUN COODLLLECTB

* Polarization Detection (BbisiBieHME NONAPUN30BAHHOCTM ODOLLECTBA):
* BblABJ/IeHUNE pa3Hornacm‘/’| MO COBOKYMNHOCTU 3alpoCcoB UJiInN Tem

* Obyuatowime BbIOOPKM:
e [laTaceTbl coumanbHbIX ceTen, obbivHO Twitter
* Buknnegua

* Kputepun: Accuracy 73—-83% (Ha Bukmnegmun, metonom kNN)



6. Clickbait Detection (obHapyxeHune knnkbenta)

* UcTtopua: 3aaava noasmnacb B 2016 rogy. ObHapyKeHne 3aroI0BKOB
MW CCbINOK-MPUMAHOK, He COOTBETCTBYIOLUX CYTU KOHTEHTA

e 3apa4a: KnaccudmKkauma napbl «3aroNIOBOK, TEKCT» HA ABa KNacca
3aanava aHanorndHa Textual Entailment n Stance Detection

* MpusHaku: rmnepbonmnsaunsa, npotmsopeumna, web-tpadpuk

* ObyyaroLime BbIOOPKM:
* NNataceTbl: Webis-Clickbait 2017 (32K 3aronoskos) n ap.
* CopeBHoBaHue: Clickbait challenge 2017

* Kputepun: Fl-mepa go 68%; Accuracy no 86%



/. Credibility Scores (OueHnBaHME HAAEKHOCTH)

* UcTopua: cTapas 3a4a4a B COLMONOTUN, MCUXONOTUU, MAPKETUHTE

e 3apaua: oueHnTb ypoBeHb aosepus (credibility, trustworthiness) ans
ncrtodyHuka (CMW, bnorepa, nonb3oBaTtena) nam otaebHOUM HOBOCTHU

* [Ipn3HaKu:
* pacnNpoCTPaHeHne HeHAAEXHOro KoHTeHTa (spam, deception, fake un ap.)
* BEpPOATHOCTb ObITb OOTOM (MO AMCNPONOPLUUN PACCHIIOK U Ka4E€CTBY KOHTEHTA)
* CTUNb KOHTEHTA, reooKauma n obpasoBaTeibHbIN YPOBEHb YNTATENEN

* Obyuatowime BbIOOPKMU:
* MHOTIo HeCOonoCtaBnMmbIX OaTaCeETOB, OTCYTCTBYEeT «30/10TOM CTaHAdpPT»

* Kputepun: AUC go 89%; accuracy go 81%; MSE po 0.33

* MHOTO KpUtTepumes, He XBataeT metoaosorm4eCroro eanHCTBa



Tnnonorna AecTpyKTMBHOIoO ANCKYpPCa U
cuctema noasanady ML/NLP aons ero netekumu

Bospeictema =2 delkum =2 nponaraHaa -2 UHEPO-BOMHA

0 NS R WNR

=
o

=
=
H

=
N
N

AeTeKUUs NPMEMOB MaHUMNYANPOBAHUSA

AeTeKuns 3amanymBaHusA

Aetekuma obmaHa (deception detection), cayxos (rumors d.), muctrupukaumum (hoaxes d.)
aetekuma KnmkbsmTa (clickbait detection)

aBTOMaTu4yecKaa nposepka ¢pakros (auto fact-checking)

Aetekumnsa nosuumm (stance d.), nporusopeunm (controversy d.), nonapusauum (polarization d.)
BbiiB/IeHWE KOHCTPYKTOB KapTUHbI MMUpPaA: LLEHHOCTEN, naeosorem, Mmpoaorem
OLEHMBAHMNE BO3MOXHbIX MCMXO-IMOLIMOHAIbHbIX PEaKUMIN peLUNNEHTA

BblAB/IEHMNE LUEeNneBbiX ayaUToOpmn BO3AENCTBUS

oL eHUBaHUE N NpeacKasaHue cKkopoctu pacnpocrtpaHeHus (virality prediction)
oLeHuBaHUe gocrosepHocTn UcTouHUKoB (credibility scores)

NeTekumna AecTPyKTUBHbIX BO3AENCTBUN (Yrpo3, NnpoBOKaLun, BepboBKM, SKCTPEMN3MA) 22



YeTblpe OCHOBHbIX TMNa noa3anad ML/NLP

1. Knaccudpukauma TeKkcra (coobweHua/npeanoxeHums) Lenmkom

2. Knaccudpumkauma napbl TeKCTOB

* BblABNEHNE NPOTUBOPEYNUN, Pa3HOrNACUU, 3aMANYNUBAHUSA
3. Pa3mertKka Tekcrta (BblageneHme u Knaccmndpumkauma pparmeHTos)

e feTeKuusa NPUEMOB MaHMNYANPOBAHUA

* BblABNEHME UAEON0reM, UEeHHOCTEN, 3/IEMEHTOB COLMOKYNbTYPHOrO KoAa
* BblABNEHME NCUXO-3MOLMOHA/IbHbIX PeaKkUuun n uenesbiX ayantopun

* BblABNE€HNE MHEHUWN, TOHA/IbHbIX OLEHOYHbIX CYXAEHUN

4. Knactepusauuma nam tematumyecKkoe mogenuvposaHue



3a7a4a BblAB/I€HMA NPUEMOB MAaHUNYINPOBAHWA

CTpyKTypa maHUNynauun:

* dparMmeHT-MULLEHDb
* pparmMeHT-BO34ENCTBUE
* TN MAaHUNYNALUM

NMpumep ns CMMU.:

«3e/IeHCKUU NPOoCTO UrpaeT po/ib Npe3naeHTa, a
He ABAAeTCcA npe3naeHTomlooecuenmsane] _ cypraer
3KC-AenyTaT BepxoBHOW paabl bopucnas bepesa»

Tunbl maHnnynauum (scero 18 tTunos):
* HeraTuBm3aumua (obecueHmBaHme, guchemmnsmol, APJbIKM, AENPECCUBLI U T.N.)
* No3nTMBM3auUmA (repomnsauma, sspemmnsauma, N103yHIn 1 T.n.)
e 1eaBTOpPM3aUMA (3amanymBaHMUE NCTOYHUKA, MAaCKMPOBKA MO CCbIJIKY M T.1.)
* Mapanorunsauma (anormsm, N10XKHoe cnegoBaHue, NnogMeHa Te3uca u T.n.)
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Knaccnopumrkauma NpmeMoB MaHUNYIMPOBAHMUA

1. HeraTususauusa 3. [leaBTOpU3aLUA

1.1 HasewunBaHNA AP/bIKOB 3.1 MacKkupoBKa nNoA CCbI/IKY HAa aBTOpUTET
1.2 Incpemmnsmol 3.2 CcbINKKU Ha HeonpeaeneHHbI UCTOYHUK
1.3 AHanorua ¢ HeraTUBHbIM O0HBEKTOM 3.3 Ccbl/IKM Ha HEHa3BaHHbIX cBUAETENEN

1.4 AHTUdpa3uc

1.5 Npurem obecueHnBaHMA 4. NMNapanorusauums

1.6 Heratusupytowana runepbonmsauma 4.1 J1oXKHasA NPUYNHHO-CNeACTBEHHAA CBA3b
1.7 MopennpoBaHue HEraTUBHOrO cueHapua 4.2 Mpuem «nocae 3Toro He 3Ha4YUT NO3TOMY»
1.8 BKpanneHue genpeccnsos 4.3 NoameHa Te3mnca

4.4 BbicKa3blBaHMe 0 COCTOAHUMN APYroro
2. No3ntusmnsauma
2.1 OBdpemmn3saumns
2.2 J103yHrosble ca10Ba U CN10BOCOYETaHUA
2.3 Mo3ntneupytowana runepbonmnsaumsa



[ lomepbl NPMEMOB MaHUNYNNPOBAHUA

J103yHroBble CN10Ba

TaKk»e map Bnagusoctoka Lectakos
pacckasan, Yto B 2022 roay Bnactu
3aMMyTCA yaydlieHmnem paboTbl
obLLecTBEHHOro TpaHCNopTa.

HaBelwnBaHMe AP/bIKOB

11 okTAabpa 2021 rona Tannbbl Ha3BaNU
nposanom noamtuky HATO B
AdraHucraHe

dBPemunsauus

KapaalwbaH NpnaoXmnna HeEMano yCUnunu,
4TObObl MOMOYb CYNPYry B TOM YUC/IE U C €ro
ncMxm4yecknmm npobaemamm, oaHaKo Co
BPEMEHEM eN CTaNI0 3TO B TATOCTb.

HeratusupytoLiaa runepbonmsaumn

Ceprent Hetecos B beceae ¢ «M3BecTmamm»
VYKa3an Ha To, yTo Poccua cTonT Ha nopore
CaMOW MOLLHOW BOZIHblI NAaHAEMUUN 33 BCE
Bpema cywectsoBaHmna COVID-19.
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3aZ1a4a BbIABEHUA MOAAPU3aALNN MHEHUIN B TEME

... [Npe3ngeHT lMNeTp NMNopoLwieHKo 3aaBun, HTO[POCCMH m mcm@ykpaw—lcme npeAnpusaTUS, KOTOpbIe
HaxoAATcs Ha HenoAKoHTpPoNbHOU Kuesy Tepputopun. CerogHs AHP v JIHP "HaunoHannsmnpoBanun" ykpamHckme
npeanpuaTKA ... [pn aTomM erm‘ﬁgaau.l,mnpe,qnpmmwﬁ B JIAHP ... YkpanHa notpebyeT pacluMpUTb
CaHKLUWW ... 38 BCe 3TU AENCTBUSA 0653aTeNIbHO HACTyNUT HakasaHue. YKparHa noTpebyeT pacluMpeHns CaHKUMIA Ha Tex,

/r ________-_.- - - -
KT KpavHckne npeanpuatva ... (Kiev opinion)

——

e —

... Mo cnosam 3axapueHko, Knes BCTPETUT CBOA OHELLum KUeB BO3LMETCA 33 YM, 1 B LIENISIX CRaceHus
i —
COH6CTBEHHOW MPOMbILUNEHHOCTX CHUMET baokagy ... O6CTaHOBKa, KOTOPYH UMCKYCCTBEHHO CO34asa YKpanHa ¢ 6/10Kag0u

-
JloHb6acca, BblHyAWANA ... (KOWUMapPUT)XCBOW HaApPOJ ... e B Knese ObINn MPUHATDI Kakoe-nmbo rnocTtaHoB/eHUE ...
NONOXNTENbHBbIE PE3Y/IbTAThI, KaK B DECI'IYGIIMKBX, TaK N B POCCMM]... Ecnn nm yAacCTCAa CMEeCTUTb ﬂOpOLLIEHI(O NPV 3TOM

He pa3BanunTb }/KpaMHy,I TO BCe BEPHETCS Ha CBOU MecCTa ... (Moscow opinion)

e

Subject Object Agent [ Locative ] Negative Iexi@ Ee_ﬁgndentword

«[lMopoweHKo», «Poccna», «YKpanHa» BCTpeyatoTca OANHAKOBO YacTo, OAHAKO:

e «[lopoweHKo» — cybbeKT B NepBOM TEKCTE N OOBEKT BO BTOPOM;

* «Poccua» — areHc B NepBOM TeKCTe U 1I0KaUUnuA BO BTOPOM;

* HeraTuBHaA TOHANbHOCTbL: «Poccnar», «Kpemnb» B 1-m, «Knes», «YKpanHa» BO 2-mM
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3a4a4a BblABNEHMA NONAPM3ALNN MHEHUN B TEME

ventences - Dependencyfrees Modaliies Modalities | Pr | Rec | F1 Modalities | Pr | Rec | F1

SPO extraction Subjects TF-l DF 051 095 067 TF-l DF 057 097 072

Y SPO 0.59 | 0.7 | 0.64 SPO 056 | 0.99 | 0.72

Objects FR 0.80 | 0.49 | 0.65 FR 0.67 | 097 | 0.79

= > — rlimore roes \ . Sent 0.69 | 0.57 | 0.66 Sent 056 | 0.55 | 0.55
= e SPO+FR | 0.86 | 0.68 | 0.76 SPO+FR | 0.72 | 0.99 | 0.83
News collection —— — SPO+Sent | 0.83 | 0.78 | 0.81 SPO+Sent | 0.57 | 0.99 | 0.72
analysis words FR+Sent 09 | 052 | 0.67 FR+Sent | 0.73 | 0.97 | 0.83
Negative All 0.77 | 0.97 | 0.86 All 0.77 | 0.94 | 0.85

— —

words
> J LPR Business Paris Trump
= =

Sentiment lexicon Enriched sentiment
lexicon

MHeHne popmanmlyeTca KaKk yCToM4YMBoe codeTaHme TpmnaetTHbix pakrtos (SPO),
HOMMWHATUBOB, X CEMAHTUYECKUX poaen No PUAIMOpPY N NX TOHANIbHBIX OKPACOK.
Bce oHM MCMOABL3YIOTCA B MOAE/IM TEMATUYECKON BEKTOPU3aLLMM KaK MOAA/IbHOCTMW.

Feldman D. G., Sadekova T. R., Vorontsov K. V. Combining Facts, Semantic Roles and Sentiment Lexicon in A
Generative Model for Opinion Mining. Dialogue 2020.



http://www.dialog-21.ru/media/5089/feldmandgplusetal-060.pdf

Ob60obLeHMe pasMeTKKM: NYTb K CTaHAapTMU3aLNn

PazmeTKa COCTOMT U3 3/1eMeHTOB

MHE HayyHON DAHTACTMEM (4 COBETCKON, W 3anagHoi) npuwencs Ha 1960-1970-
e rogel. OpHako & 1970-x rogax 3TOT #aHp Ha4an NoCTENEHHO 33TYXaTh W

a1 INEeMeHT pa3MeTKU MOXKET CcoaeprKaTb

thaHTeaW. HOHEYHD e, 3T HECNYYaRHD. IMEHHD 1960-2 rogsl CTANK NMEOM
HEY4HO-TEXHWYECKDID NPOrpecca B XX Bexe. K TOMY BPEMEHM 3aK0HYMNACE

nepaan NonosuHa XX cToneTwn, 3a 3T1 NoNcoTHK NeT Geino wsoBpeTeHo n I'O 6 O e LI M Cn O d) p a I-M e HTO B, KO M M e HTO B M Te I-O B

CTONGKD, YTO BCE KA3ANOCk BOIMOHHLIM, BEPUNOCE, YTO nporpect GygeT

HAPacTaTE N 3kcnoHeHTe. 1960-8 — 370 MUp De3YIEREHOND COUWANEHORD 1
KYMETYPHO-TEXHMYECKOrD DATUMMAME. Y=n08ex NONETEN B KOCMOE, 3anyCTin O

Teru (knaccel) BbIBUpPaAOTCA U3 CNOBapA TEros

Ho 3707 NopHIE YeN08e4ecTES B Oy QyILes COZAAEAN ONPEAENEHHYD YIposy AnA
BNACTE MMYLLMX K3K HA 3anage, Tas v & Coeetckom Comse. M ywe B 1960-2

e
rogEs NEpen COTPYAHMEAMA TABMCTORCKOTD MHCTHTYTA MIYYSHUA YEN0SEKa B ¢ a rM e H T 3 a a eTC H H a L’I a j'l O M M K O H O M M O )K eT
BenkoSpUTaHWM (MPUYE No MPOHWA CyaAs06! OH paCcNONaraeTcs B rpadoTee p |ﬂ| LI| )
[lEBCHIIMP, PAOM € ApPTMYPCRAMK SONOTaMK, TOE pastirpLiEanacs MpadHas
gpama «Cofarm Gackepennelts Konad Ooiina) Gbina nocTasneHa 3anaqa M N\ ET b O M H M j‘l M H e C KOJ‘I b KO Te I-O B °
NPMTOPMOSKTE HAYLHO-TEXHWIECKWIA NPOTPECT NYTEM BHELPEHWA ONPENENEHH 0 |ﬂ| °

WHCDOPMALMOHHO-NCMXONONMSECENN M OpraHu3auMoHHEX Mogensi. B yacTHocTi

CTapTOEANa patoTa No COSJAHWE MONOOEHHEX W HEHCEMX CyDKyNETYD W
OEMKEHWA (MMEHHO B 3T0 BPEMA KaK N0 33Kasy NoREMnick The Beatles, The
Rolling Stones, CcTan pa3sWMEaTLCA IKONOMTM3M). Sbina NecTaEneHa Jafaqa

NPUTOPMOSATE HAYYHO-TEXHWUECKWA NPOrPece NYTEM BHEAPEHWA OnNpenensH

(\IHa W3 TNAEHLD 23Qa4, NOCTAENEHHED Nepes TABWCTOKOM, 3BYYaANa Tar: to

stamp out the cultural opiimism of the 19605 (MCROpEHWTE, ERIPYOWTE, BRITDAEUTE M H¢'DDMEWEHHG'HEHKD“C'MLIEEHM H Opradv3IaygioHHBX MOOENEN. EHD
KYMBTYPHRIA onTUMuas 1960-x rogos). A HaY4YHAR EHTACTHES,
COBETCKEH, Ge3yCnoBHo, GeiNa ONTWMUCTUMECEDI NO CBOEMY H O

HEI{CITIZIFII:IE MEHEE CNTHMWCTHYECKME HOTRI I:HE".- MOy MX Ha3BaTh
NECCHMUCTUYECENMM, HO OHKM ERIMMAZENN GONee CIOHHBMI, YEM NpOCTo

ONTHMUSM) NPOCIERMEANICE ¥ PAJA NHCATENEN B CoLNarepe, B YacTHOCTH B Mepewii goknan Pumckomy knySy {ox coanan & 1088 OT B ET M O)'KeT B bl 6 M p a T b Cﬂ M 3 Cn O B a p ﬂ d) p a 3 M n M

rogy} HalweEancA allpeaens pocTas. B Hem
tHMrax Ctanucnasa lNema (QocTaTouHo NoYnTaTs ero eACTPOHaEToE: M i P poc

VTERHOANICE, YTD UENDEEUSCTED B CEOEM
«Marennadoso ofnaros). OgHako oBlWWA HACTPOA COBETCKOM (DAHTACTUEN 40 WHIYCTPHANEHOM DASENTAR LO0CTUING NPEASN0E,

Gepeas 1960-X 10505 Gt EYMIYLECTEGHHO OTHNCTILHE! — 37O BIAHO | momima e e epe 20 TMCA CBO 6 O AH O reHe p % p OBATbCA N0 KOHTe KCTy , MOXeT

W No TEOp4ecTsSy GpaThes CTpyraymx, v no pomadam Heada Edpemosa. ;g:;?%ﬁumé;;:ﬁgﬂ“[ﬁgmm HMJ%FLIESGTB

R0 MMeTb OANH NN HECKOJIbKO Teros
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MeToanKM oLeHMBaHUA: NYTb K CTaHAaPTU3aLUNN

* B ocHOBe MeTOAUKU — CpaBHeHUe Nap Pa3MeTOoK TeKCTa:
«MOAe/Ib <> 3KCNepT», «3KcnepT-1 <= aKkcnepT-2»,
Ha OCHOBE ONTUMA/IbHOTO CONOCTAaB/N€HUA UX 3/1eMEHTOB

* CornacoBaHHOCTb Pa3meToK (A,B) namepsaetca MHOTMMU KPUTEPUAMMN,
BblYMC/IAETCA UX CpeaHeB3BeLleHHas cornacoBaHHocTb Con(A,B)

 CTAP (CpenHaa ToyHocTb Anroputmmuydeckon PasmeTkn) — cpeaHasn
no Bbibopke Con(A,E) pasmeTkn moaenm A n paameTku akcnepTta E

 CTIP (CpeaHaa ToyHoOCTb KcnepTHOU PazmeTKkn) — cpeaHas
no Bbibopke Con(E1,E2) pa3ameToKk ABYyxX aKcnepTos, E1 n E2

 OTAP = CTAP / CT3P, ecnm 6onblie 100%, To moaenb ayylle 3KCnepTos



ba30Bble yCN0BMA MPUMEHEHNA METOANKMN

1.Anropntm (0byyeHHana moaensb) NPUHMUMAaET Ha Bxoae MHGopmaumnio 06 o6vekme v BblaaET

BbIXOAHYO MHPOPMaLUIO 06 06beKTe, Ha3biBaEMYO pa3memkKou.
2.4mcnosble Kputepumn M (X,Y) ... My(X,Y) namepAroT pasnnyHbie acneKkTbl COr/TAaCOBAHHOCTM ABYX

pasmeToK X n Y oaHOro n Toro *e obvekTa.

3.Bce kputepun cummetpuunel, M;(X,Y) = M;(Y, X), npuHnmatot sHaveHnsa ot 0 go 1 (nam ot 0%
0o 100%). Yem 6onblue 3HaYEHUE KPUTEPUA, TEM NYYLLE COMNMAaCOBAHHOCTL. [Mpy NnoaHOM
COBMAAEHUN PA3ZMETOK AOCTUraeTca MakcmmasibHoe 3HavyeHue 100%.

4.CoenacosaHHocmb M (X,Y) paameToK X n Y onpeaensetca Kak B3BeweHHoe cpegHee N Kputepues

M;(X,Y) c HeoTpnuaTenbHbIMK BECAMU W

Beca ABnstoTCcA napameTpamum MeToguKu 1 ycTaHaBAMBaTbCA U3 cOObpaXKeHNM OTHOCUTENbHOM
3HAa4YMMOCTU KpuTepumeB. Bo3MOKHO NO/THOE NCK/IIOYEHUE HEKOTOPbIX KpUTepmneB NyTEM 0OHYy1eHUs

nx secos, w; = 0.



ba30Bble yCN0BMA MPUMEHEHNA METOANKMN

5. 3apaHa BbibopKa 0bbekToB T. [1na KaxKaoro o6bekta MMeeTca MHOXKEeCTBO pa3MeToK 3,
BbIMOJIHEHHbIX 3KCNEPTAMM, U pa3MeTKa A, creHepupoBaHHaA aaroputmom (oby4eHHOM moaenbto).
JKCrepTHble pa3MeTKM MOryT ObiTb cnabo cornacoBaHbl APYr C APYTOM.

6. Lles1bto MemooOuKU ABNAETCA OLeHMBAHME TOYHOCTU aNrTOPUTMUYECKON PAa3METKU A NO OTHOLLEHUIO
KO BCEM 3KCMEPTHbIM Pa3mMeTKam, No Bcem obbeKTam BbibopKu T.



OTHOCUTEeNIbHaA TOYHOCTb Pa3MEeTKM

CpedHsas TouHocmb Anzopummuyeckoli PazmemKu noKasbliBaeT, HACKOIbKO XOPOLLO aAroputMmyeckme
Pa3MeTKM COrnacytoTca C 3KCNepPTHbIMU Pa3MeTKaMMU:

CTAP = avr (agr M (A, 3)) .

CpeoHAAa ToyHocmb IKcrnepmHsix Pa3amemoK NOKa3bliBaeT, HACKO/IbKO XOPOLLO 3KCNEPTHbIE PAa3METKU

COrnacyroTca Apyr ¢ APYrom:
CToP = avr (avr M(S, J )) .
T \3,3
OmHocumenovHaa ToyHocmb AnecopummuyecKol PazmemKu NOKa3biBaeT, BO CKO/IbKO pa3

aZITOPUTMUYECKas pa3MeTKa JIyyllie COrNacyeTca C SKCNepTHbIMM Pa3MeTKaMM, YeM SKCNepTHble

Pa3MEeTKM CornacyroTca Apyr ¢ APYrom:

CTAP

TAP = X 100%.
0 CTIP 00%

CT2P aBnaeTca opueHTUPOBOYHbIM MAaKCUMAIbHbIM AOCTUXUMbIM 3HayeHnem ana CTAP.

Echn OTAP > 100%, TO MOXXHO YyTBEPKAATb, YTO aNTOPUTMUYECKNE PA3METKM COr/1aCcyroTcaA C
3KCNEePTHbIMU pa3MeTKaMU He XyXKe, YeM IKCNepPTHbIe pa3MeTKM COoriacytoTca APyr C APYrom;
APYrMMKM CNOBaMM, YTO NpeacKa3aTe/ibHaA moaenb paboTaeT He XyXKe 3KCNnepToB.



[Toumep 1. 3aaa4a BbIABAEHUA MAaHUNYAALNI

ObbeKmom ABNAETCA TEKCTOBbIN AOKYMEHT.

Pasmemkoli mekcma Ha3biBaeTca nocaeaoBaTenbHoCcTb X = {Xq, ..., X, }, KaXKAbl 3N€MEHT KOTOPOM X;
npeactasnseT cobomt Tponky x; = (F;, T;, C;) — «F; dpparmeHT (Hayano B; v KoHel, E;), T; muLLEHb
MaHuUnyaauuu, C; TMN MaHUNynagnum».

Coomeemcmasue 08yx pazmemok X = {xq, ...,x,JnY =1{y, ..., ¥} — MHOXecTBo D nap snemeHTOB
(X;, Vi), TAKOe, YTO Kaxaomy x; 3 X cootBeTcTBYeT He 60siee 04HOrO Vj U KaxKaomy Vi u3Y

COOTBETCTBYeT He bonee oaHOro X;. Ecin ana snemeHTa x; He HAWAEHO COOTBETCTBUA, «X; — D».

CooTBeTCTBME ABYX PA3METOK ONpeaensieTca no BCem napam 3nemeHToB (X;, Vi) CNeayowmm
obpasom. Beoautca mampuya nomepes L|i, k| pasmepa n X m:

Lli,k] = Jix + Ui = 1] + 2|T; # Tx] + [C; # Cy],

rae J;;, — paccmosaHue Yakkapa, onpegenaemoe ana napbl 3nemeHToB (X;, Vi ).

CooTtBeTcTBME D MexKay pasmeTkamm MUHUMU3UPYET CYMMY NoTepb (3aaa4a 0 Ha3HAYEeHUAX):

0@ =2 Ll + Y0 + Y~ 0] - min

D
(i,k)ED i k



[Toumep 1. 3aaa4a BbIABAEHUA MAaHUNYAALNI

Kputepuin M1: TO4HOCTb M NONHOTA NOUCKA 3/IEMEHTOB Pa3METKM

ToyHocmeb nouckKa (Precision) onpeaenseTca Kak 40NA 31e€MEHTOB Pa3MeTKU X, UMEIOLLNX

D]

COMNOCTAB/IEHHbIN 3/IeMeHT B pa3dmeTke Y: P = —

lonHoma noucka (Recall) onpenensietca Kak gona ¢pparmeHTOB pasmeTku Y, umeroLwmnx

D]

CONOCTaB/IEHHbIN GPArmMeHT B pa3meTke X: R = —

ArpermpoBaHHbIN Kputepun (F,-mepa) onpeaenneTca Kak UX rapMoHUYecKoe cpeaHee:
2PR 2 |D]

P+R n+m’

Kputepun M2: onpeaeneHme MULEHN MaHUNYNALNM

JlonAa conocTtaBaneHHbIX 31eMeHTOB pasmMeToK X 1 Y, umerwmnx oAMHAKOBYH MULLEHD:

M;(X,Y) =

1
My(X,Y) = il R)ZHBD[T(xo = T(y)].



[Toumep 1. 3aaa4a BbIABAEHUA MAaHUNYAALNI

Kputepun M3: onpeaneneHme tTuna MaHUNynAaUUmn
[lona conocTtaBNEHHbIX 31eMeHTOB pa3MeToK X 1 Y, umetomx oAMHAKOBbIN TUM:

1
My(X,Y) = il RZHSD[C(xi) = COv)].

Kputepuit M4: TO4HOCTb onpeaeneHmsa GparmeHTa MaHUNynAaLUUm
CpeaHsiI TOYHOCTb coBMNaaeHusa pparMeHTOB B CONOCTAB/IEHHbIX 3/1eMeHTax pasMmeToKk X u Y.

TOYHOCTb coBMageHUA napbl GparmeHToB (X;, Vi) BbIYMCAAETCA Kak mepa MaKKapa — OTHOLWEHUE
4ymcna CNoB B NepeceyeHmnmn K YMcay cnos B o6veamHeHUn AByX PParmMeHTOB:

Xi N Yk

1
M) = = )
|D|(i,k)H3D *i U Vi

Ncnonb3oBaHue Kputepmna M, ¢ HyneBbim Becom W, = (0 03Ha4aeT, YTO NPU U3MePEHNUN TOYHOCTHU
4 4

PAa3METKM NoSoKeHNe pparmMeHToB UTHOPUPYETCA. Tem He mMeHee, OHO BCE paBHO YYMUTbIBAETCA MNpU

NOUCKEe COOTBETCTBUU SN1EMEHTOB U MOXKET BANATb Ha Kputepun M.




[lonumep 2. 3aaa4a BblABNeHMA noaapmsaumm OM

ObvbeKmom ABNAETCA MHOXKeCTBO HOBOCTHbIX COOOLWEHUN, NPEUMYLLLECTBEHHO OTHOCALLMXCA K OAHOMY
cobbITUIO NN Teme.

Pasmemkol asnaetca Habop meTok X = {X1, ..., X,;}, KaXKAbl SN€MEHT KOTOPOro X; ABNAETCA METKOM
[-ro coobLueHums.

MeTkn 1, 2, 3, U T.4. COOTBETCTBYIOT KNactepam — Mo/itocam obLwecTBEHHOro MHEeHUA MO AaHHOMN TEME.

MeTka «0» 03HauvaeT, yTo coobLieHME ABNAETCA HEUTPAbHbIM, T.€. HE NponaraHANUPYET HUKaKoe U3
NONAPHbIX MHEHUW.

MeTKa «—1» o03HayaeT, YTo cooblleHmne He pesieBaHTHO, T.e. HEe OTHOCUTCA K obLlen ana Bcex
coobleHnn Teme.
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BbiaBaeHMe nonspmlaumm MHEHUN ABASIeTCA 3a4a4en Knactepm3aumm 3a4aHHOro MHOXeCTBa
HOBOCTHbIX COODOLEHUN Ha KnacTepbl-MHEHUA.

3apavya umeet cheayolme ocobeHHOCTH.

1.

w

HepeneBaHTHble coobLEeHMA, ecin TaKoBble UMetoTcA, 06pa3yloT cKopee LWyMoBOM POH, Yem
OTAENbHbIN KnacTep, T.e. ABAAOTCA Pa3poO3HEHHbIMU U HE 06A3aTeNIbHO CXOXKMMMU.

Knactep HeMTpabHbIX COOOLEHMNI MOMKET OTCYTCTBOBATb.

Yncno KnactepoB-MHEHUN MOXKeT ObiTb MPOU3BObHbIM, BKAto4aa 0 u 1.

Pa3Hble pa3meTKM 04HOro U TOro e ob6bekTa (MHOXKecTBa HOBOCTHbIX COODLLEHWNI) MOTyT
coAepKaTb Pa3/IMYHOE YNC/IO KNaCTEPOB.

Hymepauus KnactepoB-MHEHUN MOXKeT ObiTb NPOM3BOAbLHOM U He 06A3aHa coBnNaaaTb B pPa3HbIX
pa3meTKax.
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Kputepmuin M1: TO4HOCTb M NONHOTA KNacTepmnsauym MHEHUN

Ona cpasHeHnsa pasmeTknm X = {xq, ..., X,,} C «3010TbIM CTaHAAPTOM» — 3KCNEPTHOM pasmeTKon Y
={y, ..., Yo}, ncnonb3aytotca BCubed-Bepcmnn TO4HOCTN M NONHOTLI NOMCKA (TOYHOCTb — A0/
peneBaHTHbIX Cpean HanaeHHbIX, MONHOTa — 0N HANAEHHbIX CPeayn PesieBaHTHbIX).

TOYHOCTb M NOIHOTA CHavyaNa ONPeaenAaArTCA OTHOCUTE/IbHO KaXXA0ro 06beKTa Xx;, 3aTeM yCpeaHATCS
No BCcem obbeKTam C MeTKOM MHeHuAa:

X, — X; U — 1/:
P=avrPi; Pizzk[k i 1k yl]

)

x>0 Zk[xk = Xxi]
X =X UV = V;
R = avr Ri; Ri _ Zk[ k i 1Yk yl] :
yi>0 Zk[)’k = y;i]

(ecnu 3HameHaTenb APoOU OKa3bIBAETCA PABHbIM HY/IH0, TO CYUTAETCA, YTO APOOL paBHa HY/IO).
ArperMpoBaHHbIN Kputepum (F;-mepa) onpeaenaeTca Kak rapMmoHMYecKkoe cpegHee:

2PR

M (X, Y) = o——.
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Kputepuin M2: TO4HOCTb M NONHOTA onpeaeneHua HermTpaabHbIX COObLLEHUI

TOYHOCTb M MONTHOTA OTHOCUTE/IbHO METKMU C:

Dlxk =y =l il =y = cl
P. = ; R, = .
2lxk = ] 2Ly = ¢l
ArperMpoBaHHbIN Kputepun (F,-mepa) onpegeneHna HeuTpaabHbIX COOBLEHUN:
Mz(X, Y) — ZP()RO /(PO + Ro)

Kputepuint M3: TO4HOCTb M NONHOTA oNpeaeneHuUa HepeneBaHTHbIX COODLLEHUI

ArperMpoBaHHbIN Kputepun (F,-mepa) onpegeneHna HepeneBaHTHbIX COOOLLEHNI:
M;(X,Y) =2P_1R_y /(P_1 + R_y).

Kputepun M4: ToyHOCTb onpeaeneHmna Yncia MHEeHUN

Obo3Hauum vepes Ky n Ky uncno pasiinyHbiXx MHEHUW B pa3meTKax X U Y CoOOTBETCTBEHHO.

min{Ky, Ky}

max{Ky, Ky}

M,(X,Y) =



BbIBOb

1. NpepobyvyeHHble moaenn BHUMaHUA / TpaHChOpPMepb
No3BONAIOT pelwaTb Bcé bonee TpyaHblie 3aaavym NLP / NLU

2. PazameTKa TeKCToBbIX AaHHbIX — MarncTpanabHbIX NYTb
dopmanm3saumm 3HaHUU B T'YMAHUTAPHbIX NCCneoBaHUAX

3. CraHpapTmn3auna pasmeTkU: pparmeHTbl + Tern + cBA3n + OTBETHI
4. CtaHaapTU3auma oueHuBaHua: cornacosaHHocTb + CTAP/CTOP
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